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Abstract
Pest prevention can play an important role in reducing
pest pressure and pesticide use. Yet its adoption remains
suboptimal. We develop a theoretical model to analyze
the circumstances that favor or hinder the uptake of
preventive measures against pests, and test the derived
hypotheses using an empirical application of Swiss
grapevine producers' decisions on preventive measures
against Drosophila suzukii. We show that higher risk
aversion hinders farmers' prevention efforts. Further-
more, lower general background risk, characterized by
the use of crop insurance, decreases pest prevention. We
discuss the implications for supporting policy goals of
managing pest pressure and reducing pesticide use.
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1 | INTRODUCTION

Plant protection is the basis for the production of high‐quality food in adequate quantities (e.g.,
Oerke, 2006; Popp et al., 2013; Savary et al., 2019). Yet, if plant protection is based on the use of
pesticides, it entails negative effects on the environment and human health (e.g., Damalas &
Eleftherohorinos, 2011; Kudsk et al., 2018; Landrigan et al., 2018; Tang et al., 2021). Reducing the
use of pesticides without restricting food production is thus on the top of current policy and
industry agendas (e.g., Möhring et al., 2020). A key strategy to achieve pesticide reduction is to rely
on integrated pest management principles that foster the use of preventive, nonchemical strategies
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(Barzman et al., 2015; Olson & Roy, 2005). This reduces potential pest pressure and thus reduces
pesticide use (Waterfield & Zilberman, 2012). However, the uptake of these preventive nonchemical
strategies is below the social optimum and on the top of policy agendas (see e.g., Fan et al., 2020;
Parsa et al., 2014). Recent policy decisions to massively reduce pesticide use and risk in Europe
emphasize relevance of this issue. For example, the “Farm to Fork” strategy of European Union aims
to reduce pesticide use and risk by 50% by 2030 (Schebesta & Candel, 2020); Switzerland even aims
to reach these goals by 2027 (Finger, 2021). Preventive strategies are a key pathway to massively
reduce pesticide use and risk, while maintaining food production.

This paper offers theoretical and empirical insights in farmers' pest prevention decisions. We
develop a theoretical model to analyze which conditions and farm and farmers' characteristics favor
or hinder the uptake of preventive measures. Next, we test hypotheses from the theoretical model
using an empirical application of Swiss grapevine producers' decisions to use preventive measures in
response to spotted wing drosophila (Drosophila suzukii), a major invasive pest of soft fruits in the
Americas and Europe (e.g., Asplen et al., 2015; Fan et al., 2020).

Previous literature has addressed the dynamics and intertemporal interdependencies of pest
management. For instance, Skevas et al. (2013) show that there are intertemporal spillovers of pesticide
application on future production and farmers consider this in a multiyear horizon on pesticide use
decisions. Fan et al. (2020) show that producers may not adopt monitoring‐based management, an
integrated pest management practice, to control spotted wing drosophila, but often rely on calendar‐
based insecticide spray strategies if the perceived trapping efficiency is too low. With a focus on pest
prevention in agriculture, Kan et al. (2013) find that installing barn owl nesting boxes can be a
profitable preventive measure for rodent control in agriculture, but also show that stricter regulations
on rodent control using rodenticides are required to incentivize large scale use of prevention. Moreover,
preventive efforts have been related to the role of extension and information (e.g., Tambo &
Matimelo, 2021; Wuepper et al., 2021) as well as a wide range of farm‐, farmer‐ and institutional
characteristics (see e.g., Lefebvre et al., 2015, for a review). Especially, farmers' perceptions of costs,
benefits, risks, as well as preferences, for example, toward risk, have shown to determine preventive
efforts. A key characteristic of pest prevention is that prevention needs high upfront investment and
that the economic return of this action is highly uncertain. For example, Finnoff et al. (2007) show, in a
nonagricultural context, that risk and risk preferences matter for optimal prevention choices. More
specifically, they show that the prevention of invasive species may not be attractive for risk averse
decision makers because control is a safer choice than prevention, due to the relatively lower
uncertainty in its efficacy. The evidence, however, remains in the theoretical domain.

We here contribute a new perspective to the literature on pest prevention in agriculture by
combining a theoretical and an empirical analysis of the use of preventive measures in response to
spotted wing drosophila (D. suzukii, e.g., Fan et al., 2020). We develop a coherent framework to
combine theory with an empirical application relying on farm‐level data over multiple periods of
farmers' preventive action and preferences. More specifically, we develop a model on farmers'
optimal prevention efforts capturing the dynamics of pest pressure and pest prevention as well as
pest control using insecticides. We account for different sources of risks and risk preferences.
Hypotheses derived from the theoretical model are tested empirically using survey data on
prevention in Swiss grapevine production in response to spotted wing drosophila. Infestation can be
devastating as spotted wing drosophila affects ripe, healthy fruits and infested fruits become
unmarketable. Zero tolerance policies especially for fresh produce market products amplify possible
losses. Thus, high economic impacts of spotted wing drosophila have been reported (e.g., Bolda
et al., 2010; Fan et al., 2016; Knapp, Wuepper, et al., 2021; Mazzi et al., 2017). Possible prevention
strategies comprise sanitation measures as well as technical solutions such as installing insect nets
(e.g., Knapp et al., 2019; Knapp, Mazzi, et al., 2021). Previous studies show that current practices in
response to spotted wing drosophila often underuse preventive strategies and overuse pesticides,
despite evidence that prevention strategies can effectively reduce pest population (Haye et al., 2016;
Van Timmeren & Isaacs, 2013, Wiman et al., 2016).
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Our results show that prevention effort increases with perceived pest pressure based on prior
experience, and decreases with the cost of prevention relative to farmers' wealth. For the empirically
plausible class of power utility functions, higher risk aversion, characterized by a higher value of the
coefficient of absolute risk aversion, hinders farmers' prevention efforts. Furthermore, both state‐
dependent risk in the case of infestation and general background risk would increase a farmer's
optimal level of pest prevention. We further find empirical evidence consistent with the theoretical
relations in our case study of spotted wing Drosophila in Swiss wine grape cultivation. Notably,
estimates from a linear probability model indicate that, controlling for other factors, farmers with
crop insurance (i.e., used as proxy for experienced lower background risk) are less likely to adopt
prevention measures by 19–23 percentage points compared to farmers without crop insurance.

The remainder of this paper is structured as follows. First, we develop the theoretical model that
is applied to derive hypothesis for the empirical application. Second, we present the data used for the
case study and third the econometric framework. Fourth, we present and discuss the results. Finally,
we conclude.

2 | THEORETICAL MODEL

We here conceptualize farmers' decisions to use preventive measures as opposed to insecticide
applications to manage spotted wing drosophila.1 An investment in preventive measures is needed
before the pest occurrence is observed. Because the pest occurrence is stochastic (i.e., occurrence and
intensity of pest occurrence is not known or predictable), the returns to this investment are
uncertain. To control the pest after pest occurrence, that is, if the infestation is observed, mainly
insecticides are used.2

We use a two‐period expected utility maximization model to conceptualize farmers prevention
efforts (see e.g., Menegatti, 2007, 2009 and Courbage & Rey, 2012 for more general discussions). Our
focus is laid on the optimal prevention efforts of a representative farmer, used in period 1. In the
context of spotted wing drosophila these comprise the use of nets that exclude spotted wing
drosophila from the fruits, various strategies to reduce habitat attractiveness for spotted wing
drosophila including the pinching back of foliage, additional mowing, removal/mulching of all
residuals from earlier harvests as well as the early harvest of fruits (e.g., Knapp et al., 2019; Mazzi
et al., 2017). Insecticide use in period 2 only takes place if infestation is observed, that is, when pest
pressure is so high that preventative measures failed to prevent infestation. Insecticide is inevitable
in this situation because if untreated, D. suzukii causes the total loss of production and the costs of
insecticide treatments are far lower than the value of the production (see e.g., Mazzi et al., 2017).
Thus, insecticide use is the residual of pest pressure and prevention efforts.

Any prevention efforts e incur additional costs in period 1, for example, due to additional labor
costs (e.g., for increasing sanitation measures) and/or capital (e.g., for installing nets), summarized
as C f e= ( )PE . The probability for infestation to occur in period 2, Pr , depends on prevention effort
chosen in period 1 and stochastic pest pressure s which is observed in period 2. Once infestation
occurs, farmers can either choose to take additional pest control measures (e.g., applying pesticide),
or forgo the infested harvest. We assume that all other things equal, prevention effort reduces the
probability of infestation, though marginal benefit of prevention saturates: Pr e∂ /∂ < 0 and

Pr e∂ /∂ > 02 2 , and pest pressure increases the probability of infestation: Pr s∂ /∂ > 0. In the case of

1Other approaches used in the related literature do not account for the time lag between in the decision on prevention measures and actual
damage occurrence (e.g., Finnoff et al., 2007). As we will outline below, the uncertainty regarding the pest occurrence in subsequent periods is
however crucial for decision making and thus needs to be represented explicitly. Menegatti (2009) discusses more general the need to consider
a two‐period perspective in the analysis of prevention.
2See Knapp et al. (2019), for detailed descriptions of strategies used to prevent and control Drosophila suzukii in Switzerland. As an alternative
to insecticides, a natural, stone‐based repellent called Kaolin can be used to prevent large‐scale damages after first infestations are observed.
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infestation, farmers face expected profit reduction of CPC due to cost for insecticide application and
additional requirements to sort infested products. Due to the stochastic pest pressure, benefits from
investment in preventive efforts are highly uncertain. In contrast, pesticide use might reflect the
safer choice than prevention because the marginal benefit may be less uncertain3 (see also Finnoff
et al., 2007).

In period 1, the farmer has initial financial assets related to farming (left after buying inputs and
including fixed costs) of π1 that are reduced by costs for prevention. The additional assets received in
period 2 consist of returns from crop production and are reduced by costs for pest control. We
follow Menegatti (2009) and assume the von Neumann‐Morgenstern utility function u to be
identical for both periods and to reflect a risk averse decision maker, so that u > 0 and u'' < 0.4

We further assume risk prudence of the decision maker, that is, u > 0, and we will show the
relevance of this assumption. As we focus on intertemporal decision that span only over some weeks
and capital costs in Switzerland are close to zero, we drop the discounting of returns across periods.
The resulting inter‐temporal utility function that is maximized with respect to e is:

V e u π f e Pr e s u R C Pr e s u R( ) = ( − ( )) + ( , ) ( − ) + (1 − ( , )) ( ).PC1 (1)

We can show that for a risk averse decision maker, there is a unique utility‐maximizing level of e
chosen by

  u π f e f e Pr e s u R C u R( − ( *)) ( *) = ( *, )( ( − ) − ( )).PC1 (2)

We provide detailed proof in Supporting Information: Appendix A1.
The left‐hand side of Equation (2) summarizes marginal costs of prevention. Marginal benefits

of prevention are summarized on the right‐hand side of Equation (2) and are caused by a reduction
in the probability of infestation and the utility difference between the two states, that is, with and
without infestation. The optimal level of e that equalizes marginal benefits and costs in this base
model is denoted as e*.

Equation (2) reveals several relationships between prevention effort and relevant factors. One
that is particular relevant to our empirical hypothesis is:

Result 1. Prevention effort increases in pest pressure that could induce infestation.

Proof .. See Supporting Information: Appendix A1. □

Since farmers do not observe the actual pest pressure when making decisions on pest prevention,
we expect that prevention effort increases with perceived pest pressure. While pest pressure depends
on growing conditions, even under similar growing conditions, the susceptibility to D. suzukii vary
largely across grape varieties (Tonina et al., 2020). Thus it is important to separately consider the
likelihood of infestation for different varieties. Within each variety, farmers may further form their
perception of pest pressure based on previously observed pest occurrence and infestation on the
vineyard. Thus, we expect that optimal prevention efforts are higher for more susceptible varieties
and when farmers experienced greater pest pressure in a previous period.5

3Pesticide application is highly effective and takes place after pest occurrence is observed.
4See Iyer et al. (2020), for a recent survey on European farmers risk preferences.
5Equation (2) also indicates that optimal prevention efforts increase for higher fixed costs in the case of infestation CPC . Thus, higher pesticide
costs or higher requirements for post‐processing after infestation increase prevention efforts. Reduced costs for preventive measures, CPE also
increases optimal prevention efforts. Furthermore, optimal prevention effort increases with higher initial assets π1 . Due to data limitations, we
will not empirically test these relationships in our case study.

Apart from farming‐related assets, farmers may also diversify their financial portfolio via on‐farm and off‐farm investment and work,
which could influence their risk management decisions. See Knapp, Mazzi, et al. (2021) for a discussion.
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We next investigate the role of risk preference in the farmers' choice of prevention efforts. This
entails how the level of risk aversion affects the marginal cost and marginal benefit of prevention
measures. From Equation (2), the relation would depend on the functional form of farmers' utility
function u. We focus our investigation on the class of utility function with decreasing absolute risk
aversion, which is consistent with empirical evidence of risky decisions (Friend & Blume, 1975).
Note that decreasing absolute aversion also implies risk prudence, that is, u > 0. We consider a
generic class of power utility: u x x α( ) = ( + )γ

γ
γ1 −
, with γ0 < < 1, where x denotes the total wealth

of the individual. The utility function displays increasing relative risk aversion, consistent with
properties of risky decision reported in Dionne and Eeckhoudt (1985), and contains the special case
of constant relative risk aversion when α = 0. The first‐order condition for utility maximization
becomes:

 γ π f e α f e Pr e s
γ

γ
R C α R α(1 − )( − ( ) + )] ( ) = ( , )

1 −
[( − + ) − ( + ) ].γ

PC
γ γ−1 (3)

In Supporting Information: Appendix A2 we show that higher risk aversion, characterized by a
higher value of the coefficient of absolute risk aversion u u(i. e. − ”/ ’) either due to a lower value of γ
or α, is associated with lower levels of optimal prevention efforts.6 This result is consistent with
findings in Finnoff et al. (2007), that more risk averse decision makers tend to use less prevention
measures due to the higher uncertainty in the benefits of prevention measures compared to
pesticides.

We summarize these findings in the following result:

Result 2. Risk aversion, measured by the coefficient of absolute risk aversion, decreases the
optimal prevention efforts, assuming the decision maker has decreasing absolute risk
aversion.

Next, we enrich our analysis by considering further sources of risk that farmers face when
making decisions on pest prevention. More specially, we first incorporate that costs for pest control
and remaining yield losses after pesticide application are uncertain. This reflects uncertainty with
respect to the efficiency of pest control strategies as well as the uncertainty in the extent to which
crops can be marketed even after pesticide application. This is especially relevant for our case study
as we address a newly introduced pest where farmers have little experiences to build upon. Second,
we account for the uncertainty of revenues, for example, due to stochastic price or yield levels.

First, accounting for uncertainty in the economic burden in case of infestation induces a state
dependent risk component (Courbage & Rey, 2012), which we denote as εPC (with E ε( ) = 0PC ). Due
to factors such as weather conditions and other crop arrangements, stochastic pest pressure could
further affect profit apart from the expected profit reduction, CPC . The state dependent risk
component εPC is therefore not influenced by individual efforts. The resulting new inter‐temporal
utility function is

V e u π f e Pr e s E u R C ε Pr e s u R( ) = ( − ( )) + ( , ) [ ( − + )] + (1 − ( , )) ( ).PC PC1 1 (4)

The first‐order condition for the new utility maximization problem becomes

  u π f e f e Pr e s E u R C ε u R( − ( **)) ( **) = ( **, )( [ ( − + )] − ( )).PC PC1 (5)

6That is, in the comparative statics, we consider cases where only one of γ and α changes at a time, and exclude simultaneous changes of both
parameters.
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Result 3.1. Uncertainty with respect to pest control costs increases the optimal level of
prevention effort, e e** > * if the decision maker is risk averse, that is, u < 0.

Proof .. See Supporting Information: Appendix A3. □

Thus, accounting for the uncertainty regarding the costs of pest control in period 2 increases
the level of optimal prevention. Like in the case of pest pressure, uncertainty regarding the costs
of pest control also depends on the variety. Furthermore, the possibility to sell the fruits even
after infestation occurs reduces the uncertainty of loss in case of infestation. Thus, perfect
knowledge of the implications of infestation (i.e., which strategies to use and what costs to
expect) and certainty on the marketing of products even after infestation reduce optimal
prevention efforts. By contrast, acknowledging the uncertainty in these respects would increase
optimal prevention efforts.

Next, we consider revenues from crop production obtained in period 2 to be stochastic, for
example, due to (in general) variable output prices or yield variations beyond pest‐related yield
fluctuations. This (general, i.e., not state‐dependent) background risk ε (with E (ε) = 0) is
introduced as follows:

V e u π f e e s E u R C ε e s E u R ε( ) = ( − ( )) + Pr ( , ) [ ( − + )] + (1 − Pr ( , )) [ ( + )]PC2 1 (6)

The optimal use of prevention measures now is implied if

  u π f e f e Pr e s E u R C E u R( − ( ***)) ( *) = ( ***, )( [ ( − + ε)] − [ ( + ε)]).PC1 (7)

Result 3.2. Uncertainty with respect to revenues from crop production increases the optimal
level of PE, e e*** > * if the decision maker is risk averse and prudent, that is, u < 0 and
‴u > 0.

Proof .. See Supporting Information: Appendix A4. □

Adding uncertainty regarding revenues from crop production increases the level of optimal
prevention, given that the decision maker is prudent. Background risk in period 2 increases
prevention efforts (Courbage & Rey, 2012), reflecting that a prudent decision maker aims
to especially avoid low‐tail income events by increasing prevention efforts (e.g., Liu &
Meyer, 2012).7 In contrast, producers with lower general background risks (e.g., by using hail
nets, insurances, and diversifying income sources, etc.) shall, ceteris paribus, have lower optimal
prevention efforts.

3 | CASE STUDY AND DATA

We use a case study of Swiss grapevine producers' actions against spotted wing drosophila as an
empirical investigation of the relevant factors that could influence prevention effort that we discuss
in our theoretical analyses. Data for the case study are based on an online survey sent to Swiss
grapevine producers. The survey contains variety‐specific information on measures taken to prevent
or control spotted wing drosophila, as well as farmers' perceived infestation due to the pest in the
corresponding year. Prevention measures include installation of insect nets (lateral insect nets,

7Expanding the question of prevention into a dynamic analysis and focusing on realistic representation of (downside) risk preferences, explains
the partially different results than in other studies on pest prevention (e.g., Finnoff et al., 2007).
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netting of specific rows with insect nets, or netting of multiple rows with insect nets), sanitation
measures (e.g., removal of harvest residue, mowing/mulching, and clean harvest of every fruit), and
early harvest (see Knapp et al., 2018 for detailed descriptions of the measures). In the case that
infestation occurs, farmers can also choose to apply insecticides to control infestation, though
insecticides are considered as the last resort for pest control for Swiss grape growers. In addition,
farmers were asked to assess the overall risk due to spotted wing drosophila via their expected
overall additional cost in the coming year, and expected yield loss due to spotted wing drosophila.
Furthermore, the survey provides information on farm and farmer characteristics, which include
their marketing strategies, off‐farm activities and risk preferences.8

For the case study, we examine farmers' decisions regarding prevention measures against D.
suzukii for different grape varieties. Based on the nature of the prevention measures, we further
divide the measures into labor‐intensive (sanitation measures and early harvest), and capital‐
intensive measures that involve large investments (installation of insect nets). Installation of insect
nets requires an initial investment, but can be used repeatedly in subsequent periods.9 We focus the
empirical analysis on farmers' pest prevention decisions in 2018.10 We restrict our analysis to
nonorganic producers, since farmers who adopt organic production systems have different pest
management options.

To develop testable hypotheses for the empirical analyses, we revisit findings from the
theoretical analyses in the context of our case study. According to the discussion of Result 1, we
expect prevention effort to increase in farmers' perceived pest pressure that could induce infestation,
which depends on grape variety and previously experienced pest pressure. As we discuss in the
previous section, pest pressure is stochastic and is observed by the farmer only after prevention
decisions are made, that is, in period 2. For each grape variety, we consider farmers to base their
perceived pest pressure on the pest pressure experienced in previous periods. Previous studies have
shown that the susceptibility of grapes to spotted wing drosophila varies largely across varieties
(Knapp et al., 2019; Linder et al., 2014; Tonina et al., 2020). Therefore, a farmer who grows multiple
varieties likely form different expectations of pest pressure and likelihood of infestation for each
variety, even if the vineyards are located close to each other as they belong to the same farm. Within
each variety, pest pressure also depends on microclimate conditions of temperature and
precipitation, and landscape conditions such as slope and soil conditions (Asplen et al., 2015).
These characteristics may influence the expected pest pressure on the same grape variety across
different locations. Therefore, variability in pest pressure experienced in a previous period for a
given variety reflects the geographic difference in pest pressure.

To account for previously experienced pest pressure, we utilize information in the 2016 and
2017 survey on farmers' perceived infestation by D. suzukii, and the measures taken against it,
namely prevention measures and/or insecticide. At the individual level, previously perceived
infestation and previous pest control measures are correlated with prevention decision in the
current period as they are driven by the same (unobserved) factors such as actual pest pressure and
farmers' preferences. Thus, including these variables at the individual level as covariates in a
regression would return biased estimates. To still utilize the information, and to account for the
spatial heterogeneity of pest pressure, we create neighborhood averages of previous perceived
infestation and pest control measures. Specifically, for each farmer's postal code location and variety,
we define a “neighborhood” that includes vineyards of the same grape variety within a 10 km radius.
We then calculate within the neighborhood average values of previous (from 2016 or 2017 survey)

8Detailed survey information is provided in Knapp et al. (2018).
9The duration of use for insect nets is up to 10 years (Mazzi et al., 2017).
10While the survey data was collected over 3 years, we restrict the sample to farmers who responded to the 2018 survey, and at least one of the
2016 and 2017 surveys (see explanation below for the use of 2016 and 2017 surveys). Supporting Information: Table A1 shows the distribution
of strategies over the two surveys that farmers responded to, with farmers' choices in the 2018 survey are displayed on the right‐side axis. Over
the survey period (2016‐2018), an increasing number of farmers chose to adopt labor‐intensive prevention measures, and the opposite applies
to pesticide use.
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perceived infestation, prevention measure, and insecticide application for the respective variety
within a 10 km radius. These neighborhood average values therefore mitigate biases due to
individual‐level unobserved factors such as preferences.11

To ensure that each vineyard has at least one neighboring vineyard of the same variety for the
calculation of neighborhood averages, we further restrict the sample to the nine most grown
varieties. Drawing on findings from previous studies (Knapp et al., 2019; Linder et al., 2014; Tonina
et al., 2020), we group the varieties based on their susceptibility to spotted wing drosophila, which is
particularly high for dark, soft‐skinned grape varieties. Prevention measures were used more
prevalently among grape varieties of high or medium‐high susceptibility to D. suzukii compared to
low‐susceptible varieties (Table 1).

According to Result 2, higher risk aversion is associated with less prevention effort. We test
this hypothesis in the context of our case study, and further explore whether the association
varies across different domains of risk preference. We consider farmers' self‐stated risk
preferences in the domains of production, market and prices, and external financing. We
measure farmers' risk preferences via Likert type contextualized self‐assessment questions on
their willingness to take risks in the abovementioned domains, following Dohmen et al. (2011),
Weber et al. (2002), and Meuwissen et al. (2001). For each domain, participants were asked to
choose a value from 0 = not willing to take a risk at all to 10 = very willing to take a risk.
Furthermore, we test the relationship between high risk aversion and pest prevention effort (see
the robustness check section for details).

According to Result 3.1, as we consider state‐dependent risks, prevention effort increases with
greater uncertainty in the cost of pest control and loss due to infestation in period 2. In our case
study, this links to the marketing and processing strategies farmers adopt. However, the relevant
variable, self‐processing and direct marketing, contains information that could potentially have
opposite relationships with prevention. On the one hand, farmers who undertake self‐processing
and direct marketing face lower uncertainty of selling their products in case of infestation, and
therefore less effort in prevention. On the other hand, self‐processing implies possible investment
in additional equipment for processing, therefore higher stakes in the case of infestation, and
more effort in prevention. Thus, we do not form an empirical hypothesis on the sign of this
variable.

According to Result 3.2, as we consider background risk in the theoretical model, prevention
effort increases with higher general uncertainty regarding revenues from crop production. Thus, we
expect farmers who take out crop insurance and diversify their income through off‐farm work and
investment to put less effort in pest prevention. In our context, crop insurance is a peril‐specific
insurance that covers damage from hail and other elementary damages but does not cover pest
related damages (Finger & Lehmann, 2012, Möhring et al., 2020). We note that the purchase of crop
insurance can also be associated with risk preference, since insurance purchase is associated with
higher risk aversion (Knapp et al., 2021). As we also include risk aversion in the model, we consider
insurance as a proxy of background risk faced by farmers holding risk preference constant.12

We summarize the discussion into the following hypotheses:

H1: Prevention effort is higher for varieties more susceptible to spotted wing drosophila, and when
farmer experienced higher pest pressure previously.

11We note that these proxies provide imperfect measures of past pest pressure in a farmer's nearby region. For instance, a relatively high density
of prevention measures in the nearby region could reflect both higher pest pressure and spatial spillovers in farmers' prevention actions. In
addition, perceived infestation in a previous period may reflect pest pressure and effectiveness of pest control measure. In the empirical analyses
below, we include different subsets of the proxies of previous pest pressure in the regression to check for robustness.
12Nonetheless, we are aware of the challenge of disentangling the role of risk preference from crop insurance, and interpret our estimated
empirical relations as correlation.
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H2: Prevention efforts is lower for farmers with higher risk aversion in the domains of market and
price, production, and external financing.

H3: Prevention efforts is lower for farmers with crop insurance coverage.

4 | ECONOMETRIC FRAMEWORK

In this section we present the econometric framework for testing the relationship between farmers'
prevention action and the relevant factors discussed in the theoretical analyses.

We test the hypotheses in the following linear probability model:

Prevention X β u= + .i i i

We define the dependent variable, Preventioni , to be a binary variable that equals 1 if farmer i takes
one of the prevention measures: sanitation measures, early harvest, or installing insect nets, and 0
otherwise. Xi contains a vector of independent variables (discussed in detail below). ui is an error term.

Table 2 presents independent variables that are potentially associated with prevention action
based on our theoretical analyses, variable description, and summary statistics.

Furthermore, we control for farm and farmer characteristics including farmer's age, gender,
succession of the farm, percentage of earning from viticulture, and the size of the vineyard. We
also include a dummy variable for the year of the survey from which the proxies for previous pest
pressure is extracted (i.e., 2017), controlling for common shocks that affected overall pest
pressure, and canton (member states of the Swiss Confederation) dummy variables that address
potential impacts from canton‐level extension services on pest control decisions (Wuepper
et al., 2021). While several variables have relatively high pairwise correlations (e.g., the
correlation between each pair of risk preferences in market and prices, production, and external
financing is above 0.5, see also Supporting Information: Figure A1 for a correlation plot), when
included in the model, the variance inflation factor is below 3 for all covariates. We therefore let
the risk preference in different domains enter the model both jointly and separately.

In several alternative specifications, we check whether the estimates from the main specification
are robust to the covariates and the sample construction. We discuss the details of the robustness
checks in Supporting Information: Appendix A5.

TABLE 1 Summary statistics of area planted and prevention measures by most relevant grape variety

Susceptibility level Variety
Number of
vineyards

% Out of
total area

Used prevention
(% within variety)

Low Sauvignon Blanc 12 1.3% 41.7%

Low Chardonnay 21 3.6% 57.1%

Low Chasselas 35 28.7% 48.6%

Med‐High Pinot Gris 14 2% 71.4%

Med‐High Riesling 22 2.7% 63.6%

Med‐High Gamaret 26 5.2% 73.1%

Med‐High Merlot 36 13.6% 58.3%

High Gamay 21 10.4% 57.1%

High Pinot Noir 62 32.6% 66.1%

Note: The nine most grown varieties according to the 2018 survey are presented. Each vineyard consists of one single variety.
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TABLE 2 Variable description and summary statistics

Variable Description Type Mean SD

Average perceived
infest

Neighborhooda average of perceived infestation in
previous period for the respective variety

Continuous 0.42 0.40

Average past labor
measure

Neighborhooda average of pest management strategy
applied in previous period:

Continuous 0.59 0.23

Labor‐intensive preventative measures

Average past
investment measure

Neighborhooda average of pest management strategy
applied in previous period:

Continuous 0.03 0.07

Investment‐involving preventative measures

Average past insecticide Neighborhooda average of pest management strategy
applied in previous period:

Continuous 0.10 0.15

Insecticide

Susceptibility Susceptibility of grape variety to spotted wing drosophila Categorical See Table 1

Risk willingness market Willingness to take risk in market and prices domain Scale (0–10) 4.69 2.81

0 = not willing to take a risk at all

10 = very willing to take a risk

Risk willingness
production

Willingness to take risk in production domain Scale (0–10) 4.67 2.97

Risk willingness finance Willingness to take risk in external financing domain Scale (0–10) 3.12 2.49

Crop insuranceb = 1 if respondent purchased crop insurance Binary 0.57 0.50

Investment off farm = 1 if respondent had off‐farm investment Binary 0.11 0.31

Work off farm = 1 if respondent worked off‐farm Binary 0.16 0.37

Create finance reserve = 1 if respondent created Binary 0.39 0.49

financial reserves (saving for bad times)

Earning from
viticulture

Percent of earnings from viticulture: Scale (0–3) 1.97 1.18

0 = 0%–25%, 1 = 26%–50%,

2 = 51%–75%, 3 = 76%–100%

Processing direct
marketing

Farmer undertook on‐farm processing and direct
marketing of wine

Binary 0.67 0.47

Previous exp yield loss Additional cost (in percent) expected in the previous
period for measures to be taken against spotted‐wing
drosophila:

Scale (0–2) 0.74 0.43

0 = 0%, 1 = 1%–25%, 2 =≥25%

Previous exp
additional cost

Expected yield loss caused by spotted‐wing drosophila in
the previous period:

Scale (0–2) 0.88 0.46

0 = 0%, 1 = 1%–25%, 2 =≥25%

Male =1 if survey respondent is male Binary 0.96 0.19

Successor =1 if farm has a successor Binary 0.31 0.46

(Continues)
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5 | RESULTS

Table 3 presents coefficient estimates of factors relevant to farmers' adoption of general prevention
actions. Column (1) corresponds to a model with all domains of risk preference jointly in the model,
and in columns (2)–(4) risk preference in different domains enter the model separately. We find that
consistent with hypothesis 1, prevention increases with higher perceived pest pressure in previous
periods by neighboring growers of the same variety. Specifically, prevention is associated with a
higher average level of adoption of labor‐intensive measures in a previous period in the farmer's
neighborhood. For a farmer with all neighboring farmers (100%) adopted labor‐intensive measures
in a previous period (which suggests very high pest pressure in the neighborhood), the likelihood
that the farmer adopts prevention measures is almost 50 percentage points higher compared to a
farmer with no farmer (0%) in the neighborhood who adopted prevention measures. This reflects
that higher past pest pressure may have necessitated the use of prevention measures in the past, and
labor‐intensive measures are the predominant choice by farmers.

In terms of risk preference, as we include risk preferences in all three domains in the model, none
bears statistical significance, which is possibly due to the correlation among the three domains. Entering
the model separately, farmers more willing to take risks in production and external financing are more
likely to adopt prevention measures. Farmers that are most willing to take risks in the domain of
production and external financing are, respectively, 24 and 29 percentage points more likely to adopt
prevention measures compared with those not willing to take risks at all (columns (3) and (4) in
Table 3, respectively). This is in line with hypothesis 2, which draws on Result 2 from our theoretical
analysis, that for the class of the power utility function which reflects risk prudence, higher risk aversion
(lower willingness to take risk) is associated with higher marginal cost of pest prevention in the first
period, and lower marginal benefit in the second period. Furthermore, these results are consistent with
arguments in Finnoff et al. (2007), that more risk averse farmers are less likely to take prevention
measures due to the less certain net return from this action.

In line with hypothesis 3, farmers with lower background risk (proxied by the uptake of crop
insurance) are less likely to adopt prevention measures by 19 to 23 percentage points compared with
farmers without crop insurance. As such, farmers' decisions on risk management strategies on
different risks are interconnected (e.g., crop insurance vs. pest prevention). Farmers who adopted
on‐farm processing and direct marketing are around 15 percentage points more likely to adopt
prevention measures, which possibly reflect the higher stakes involved due to investment in
processing equipment. Farmers who expected higher additional cost due to spotted wing drosophila
in a previous period are more likely to adopt prevention measures, with an increase of additional
cost by 25 percentage points (interval of increment of the variable) associated with higher
probability of using prevention measures by 33–35 percentage points. These results likely reflect that
farmers planned to continue with the measure they previously adopted. Male farmers, which consist
the vast majority of the sample, are much more likely to adopt pest prevention measures than female
farmers. Farms with successors established, and farms of larger sizes are relatively more likely to
adopt prevention measures.

TABLE 2 (Continued)

Variable Description Type Mean SD

Age Age of survey respondent Continuous 51.1 10.6

Area Area of vineyard (acre) Continuous 165.6 324.1

aNeighborhood is defined as vineyards of the same grape variety within a 10 km radius of each farmer's postal code location. Within each
neighborhood, we calculate the average of previous perceived infestation, prevention measure, and insecticide application for the respective
variety.
bCrop insurance comprises protection against hail and other elementary damages (see Finger & Lehmann, 2012).
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TABLE 3 Coefficient estimates of independent variables on pest prevention adoption

(1) (2) (3) (4)

Average past perceived infest −0.091 −0.030 −0.067 −0.068

(0.109) (0.107) (0.108) (0.107)

Average past labor measure 0.498*** 0.495*** 0.474*** 0.495***

(0.153) (0.154) (0.152) (0.151)

Average past invest measure 0.353 0.297 0.267 0.369

(0.449) (0.450) (0.446) (0.446)

Average past insecticide 0.302 0.291 0.311 0.319

(0.258) (0.260) (0.257) (0.257)

SusceptibilityHigh 0.062 0.024 0.052 0.048

(0.102) (0.102) (0.102) (0.102)

SusceptibilityMed‐High 0.043 0.039 0.052 0.036

(0.076) (0.076) (0.075) (0.075)

Risk willingness market −0.019 0.009

(0.017) (0.013)

Risk willingness production 0.020 0.024**

(0.016) (0.012)

Risk willingness finance 0.026 0.029**

(0.017) (0.013)

Crop insurance −0.192** −0.226*** −0.203** −0.202**

(0.080) (0.080) (0.080) (0.079)

Ag diversification −0.087 −0.133** −0.106 −0.107

(0.080) (0.079) (0.080) (0.079)

Investment oÐ farm 0.001 0.046 0.026 0.011

(0.124) (0.124) (0.123) (0.123)

Work oÐ farm 0.087 0.067 0.057 0.093

(0.091) (0.089) (0.089) (0.089)

Create finance reserve 0.107 0.083 0.109 0.090

(0.082) (0.082) (0.082) (0.081)

Earning from viticulture 0.015 0.009 0.012 0.006

(0.032) (0.032) (0.031) (0.031)

Processing direct marketing 0.152** 0.155** 0.152** 0.142*

(0.072) (0.073) (0.072) (0.072)

Previous exp yield loss −0.050 −0.073 −0.049 −0.093

(0.089) (0.086) (0.082) (0.084)

(Continues)
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6 | CONCLUSION

Pest prevention can play an important role in reducing potential pest pressure and thus reducing
pesticide use. Pest prevention thus contributes to reach ambitious pesticide policy goals to reduce
pesticide use while maintaining quantity and quality of production. Yet the adoption of pest
prevention measures remains often low and below the social optimum. We provided a theoretical
and empirical perspective on the economics of pest prevention. We developed hypotheses and tested
them using an empirical application for Swiss grapevine producers' decisions to use preventive
measures in response to the invasive pest D. suzukii. We find that prevention efforts increases with
perceived pest pressure based on prior experience, and decreases with the cost of prevention relative
to farmers' wealth. Furthermore, we show that higher risk aversion hinders farmers' prevention
efforts. Finally, we find that reduced background risk, for example, by using crop insurance,
decreases farmers' level of pest prevention.

Our results are of high policy relevance. We provide insights why pest prevention is not
necessarily attractive for farmers, even if it seems so from a cost–benefit perspective. This results in
preventive efforts below the social optimum, resulting in an overuse of pesticides. The uptake of
preventive efforts shall be strengthened by targeted policies. This may involve push and pull
strategies, that is, subsidies and taxation of insecticides (see e.g., Finger et al., 2017). A key feature is
to also reduce the risks arising from prevention. Targeted information and extension service may
provide also an opportunity to reduce perceived risks of pest prevention by farmers and thus
facilitate the uptake of preventive efforts (Wuepper et al., 2021). Since measures such as insect nets
may be particularly effective in protecting crops in areas highly susceptible to D. suzukii, targeted
support to farmers on prevention measures in regions of high pest pressure could enhance the
effectiveness of pest control not only to individual farmers, but also help contain the spread of the
pest in the region. Such support may be particularly relevant to farmers facing financial constraints

TABLE 3 (Continued)

(1) (2) (3) (4)

Previous exp additional cost 0.349*** 0.327*** 0.329*** 0.346***

(0.080) (0.080) (0.079) (0.079)

Male 0.404** 0.455*** 0.442*** 0.418**

(0.162) (0.162) (0.161) (0.161)

Successor −0.134* −0.109 −0.128 0.138*

(0.078) (0.078) (0.077) (0.078)

Age 0.002 0.001 0.002 0.001

(0.003) (0.003) (0.003) (0.003)

Area 0.0002* 0.0002* 0.0002* 0.0002*

(0.0001) (0.0001) (0.0001) (0.0001)

Observations 249 249 249 249

Adjusted R2 0.261 0.244 0.258 0.261

F Statistic 3.496*** 3.430*** 3.608*** 3.648***

Note: Dependent variable = 1 if farmer adopted pest prevention strategies. Model in column (1) includes farmer risk preference in all three
domains; in columns (2)–(4), risk preference in each domain enters the model separately. All models include year and canton dummy variables.
Standard errors are in parentheses.

*, **, *** denote statistical significance at the 10%, 5%, and the 1% levels, respectively.
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in investing in pest prevention device, or are less willing to take financial risks in this regard.
Furthermore, we show in farmers' choices of risk management strategies are interconnected. In
particular, crop insurance can be associated with lower use of pest prevention. Policy makers thus
shall account for these possible spillover effects of crop insurance, and consider joint subsidization
of different risk management strategies, tailored toward sustainable agricultural practices (e.g.,
Möhring et al., 2020). Finally, in light of the spatial connectedness of pest pressure and effectiveness
of pest prevention measures, future research on the neighborhood effects of adoption of pest
prevention measures would contribute to cost‐efficiency of private and public investment in pest
management.

DATA AVAILABILITY STATEMENT
The data that support the findings of this study are openly available in the ETH Zürich Research
Collection at https://doi.org/10.3929/ethz-b-000588689.

ORCID
Yanbing Wang http://orcid.org/0000-0001-7197-4759
Robert Finger http://orcid.org/0000-0002-0634-5742

REFERENCES
Asplen, Mark K., Gianfranco Anfora, Antonio Biondi, Deuk‐Soo Choi, Dong Chu, Kent M. Daane, Patricia Gibert, et al.

2015. “Invasion Biology of Spotted Wing Drosophila (Drosophila suzukii): A Global Perspective and Future Priorities.”
Journal of Pest Science 88(3): 469–94. https://doi.org/10.1007/s10340-015-0681-z

Bolda, Mark P., Rachael E. Goodhue, and Frank G. Zalom. 2010. “Spotted Wing Drosophila: Potential Economic Impact of a
Newly Established Pest.” Agricultural and Resource Economics Update 13(3): 5–8.

Barzman, Marco, Paolo Bàrberi, A. Nicholas E. Birch, Piet Boonekamp, Silke Dachbrodt‐Saaydeh, Benno Graf,
Bernd Hommel, et al. 2015. “Eight Principles of Integrated Pest Management.” Agronomy for Sustainable
Development 35(4): 1199–215. https://doi.org/10.1007/s13593-015-0327-9

Courbage, Christophe, and Béatrice Rey. 2012. “Optimal Prevention and Other Risks in a Two‐Period Model.” Mathematical
Social Sciences 63(3): 213–17. https://doi.org/10.1016/j.mathsocsci.2011.12.001

Damalas, Christos A., and Ilias G. Eleftherohorinos. 2011. “Pesticide Exposure, Safety Issues, and Risk Assessment
Indicators.” International Journal of Environmental Research and Public Health 8(5): 1402–19. https://doi.org/10.3390/
ijerph8051402

Dionne, Georges, and Louis Eeckhoudt. 1985. “Self‐Insurance, Self‐Protection and Increased Risk Aversion.” Economics
Letters 17(1–2): 39–42. https://doi.org/10.1016/0165-1765(85)90123-5

Dohmen, Thomas, Armin Falk, David Huffman, Uwe Sunde, Jürgen Schupp, and Gert G. Wagner. 2011. “Individual Risk
Attitudes: Measurement, Determinants, and Behavioral Consequences.” Journal of the European Economic Association
9(3): 522–50. https://doi.org/10.1111/j.1542-4774.2011.01015.x

Fan, Xiaoli, Miguel Gómez, and Shadi Atallah (2016). Optimal Monitoring and Controlling of Invasive Species: The Case of
Spotted Wing Drosophila in the United States (No. 333‐2016‐14520). 2016 Annual Meeting, July 31–August 2, 2016,
Boston, MA.

Fan, Xiaoli, Miguel I. Gómez, Shady S. Atallah, and Jon M. Conrad. 2020. “A Bayesian State‐Space Approach for Invasive
Species Management: The Case of Spotted Wing Drosophila.” American Journal of Agricultural Economics 102(4):
1227–44. https://doi.org/10.1002/ajae.12028

Finger, Robert. 2021. “No Pesticide Free Switzerland.” Nature Plants 7: 1324–25. https://doi.org/10.1038/s41477-021-01009-6
Finger, Robert, and Niklaus Lehmann. 2012. “The Influence of Direct Payments on Farmers' Hail Insurance Decisions.”

Agricultural Economics 43(3): 343–54. https://doi.org/10.1111/j.1574-0862.2012.00587.x
Finger, Robert, Niklas Möhring, Tobias Dalhaus and Thomas Böcker. 2017. “Revisiting Pesticide Taxation Schemes.”

Ecological Economics 134: 263–66. https://doi.org/10.1016/j.ecolecon.2016.12.001
Finnoff, David, Jason F. Shogren, Brian Leung, and David Lodge. 2007. “Take a Risk: Preferring Prevention Over Control of

Biological Invaders.” Ecological Economics 62(2): 216–22. https://doi.org/10.1016/j.ecolecon.2006.03.025
Friend, Irwin, and Marshall E. Blume. 1975. “The Demand for Risky Assets.” American Economic Review 65(5): 900–922.
Haye, Tim, P. Girod, A. G. S. Cuthbertson, X. G. Wang, K. M. Daane, K. A. Hoelmer, C. Baroffio, J. P. Zhang, and

N. Desneux. 2016. “Current SWD IPM Tactics and Their Practical Implementation in Fruit Crops Across Different
Regions Around the World.” Journal of Pest Science 89(3): 643–51. https://doi.org/10.1007/s10340-016-0737-8

Iyer, Poorvi, Martina Bozzola, Stefan Hirsch, Manuela Meraner and Robert Finger. 2020. “Measuring Farmer Risk
Preferences In Europe: a Systematic Review.” Journal of Agricultural Economics 71(1): 3–26. https://doi.org/10.1111/
1477-9552.12325

WANG AND FINGER | 111

 27692485, 2023, 1, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/jaa2.45 by Schw

eizerische A
kadem

ie D
er, W

iley O
nline L

ibrary on [30/03/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.3929/ethz-b-000588689
http://orcid.org/0000-0001-7197-4759
http://orcid.org/0000-0002-0634-5742
https://doi.org/10.1007/s10340-015-0681-z
https://doi.org/10.1007/s13593-015-0327-9
https://doi.org/10.1016/j.mathsocsci.2011.12.001
https://doi.org/10.3390/ijerph8051402
https://doi.org/10.3390/ijerph8051402
https://doi.org/10.1016/0165-1765(85)90123-5
https://doi.org/10.1111/j.1542-4774.2011.01015.x
https://doi.org/10.1002/ajae.12028
https://doi.org/10.1038/s41477-021-01009-6
https://doi.org/10.1111/j.1574-0862.2012.00587.x
https://doi.org/10.1016/j.ecolecon.2016.12.001
https://doi.org/10.1016/j.ecolecon.2006.03.025
https://doi.org/10.1007/s10340-016-0737-8
https://doi.org/10.1111/1477-9552.12325
https://doi.org/10.1111/1477-9552.12325


Kan, Iddo, Yoav Motro, Nir Horvitz, Ayal Kimhi, Yossi Leshem, Yoram Yom‐Tov, and Ran Nathan. 2013. “Agricultural
Rodent Control Using Barn Owls: Is It Profitable? American Journal of Agricultural Economics 96(3): 733–52. https://
doi.org/10.1093/ajae/aat097

Knapp, Ladina, Dominique Mazzi, and Robert Finger. 2019. “Management Strategies Against Drosophila suzukii: Insights
Into Swiss Grape Growers' Choices.” Pest Management Science 75(10): 2820–29. https://doi.org/10.1002/ps.5397

Knapp, Ladina, Dominique Mazzi, and Robert Finger. 2021. “The Economic Impact of Drosophila suzukii: Perceived Costs
and Revenue Losses of Swiss Cherry, Plum and Grape Growers.” Pest Management Science 77: 978–1000. https://doi.
org/10.1002/ps.6110

Knapp, Ladina, David Wuepper, Tobias Dalhaus, and Robert Finger. 2021. “Revisiting the Diversification and Insurance
Relationship: Differences Between On–And Off‐Farm Strategies.” Climate Risk Management 32: 100315. https://doi.org/
10.1016/j.crm.2021.100315

Knapp, Ladina, David Wuepper, and Robert Finger. 2021. “Preferences, Personality, Aspirations, and Farmer Behavior.”
Agricultural Economics 52(6): 901–13. https://doi.org/10.1111/agec.12669

Knapp, Ladina, Esther Bravin, and Robert Finger. 2018. “DROSOPHRISK: Data from surveys on agricultural risk
management strategies in Switzerland in response to Drosophila suzukii.” ETH Research Collection. http://hdl.handle.
net/20.500.11850/292794

Kudsk, Per, Lise Nistrup Jørgensen, and Jens Erik Ørum. 2018. “Pesticide Load—A New Danish Pesticide Risk Indicator
With Multiple Applications.” Land Use Policy 70: 384–93. https://doi.org/10.1016/j.landusepol.2017.11.010

Landrigan, Philip J., Richard Fuller, Nereus J. Acosta, Olusoji Adeyi, Robert Arnold, A. B. Baldé, and Thomas Chiles. 2018.
The Lancet Commission On Pollution and Health. The Lancet 391(10119): 462–512.

Lefebvre, Marianne, Stephen R. H. Langrell, and Sergio Gomez‐y‐Paloma. 2015. “Incentives and Policies for Integrated Pest
Management in Europe: A Review.” Agronomy for Sustainable Development 35(1): 27–45. https://doi.org/10.1007/
s13593-014-0237-2

Linder, Christian, C. Martin, S. Laboisse, P. G. Chatelain, and P. Kehrli. 2014. “Susceptibility Of Various Grape Cultivars To
Drosophila suzukii and Other Vinegar Flies.” IOBC‐WPRS Bulletin 105: 219–24.

Liu, Liqun, and Jack Meyer. 2012. “Decreasing Absolute Risk Aversion, Prudence and Increased Downside Risk Aversion.”
Journal of Risk and Uncertainty 44(3): 243–60. https://doi.org/10.1007/s11166-012-9141-9

Mazzi, Dominique, Esther Bravin, Manuela Meraner, Robert Finger, and Stefan Kuske. 2017. “Economic Impact of the
Introduction and Establishment of Drosophila suzukii on Sweet Cherry Production in Switzerland.” Insects 8(1): 18.
https://doi.org/10.3390/insects8010018

Menegatti, Mario. 2007. “A New Interpretation for the Precautionary Saving Motive: A Note.” Journal of Economics 92(3):
275–80. https://doi.org/10.1007/s00712-007-0279-x

Menegatti, Mario. 2009. “Optimal Prevention and Prudence in a Two‐Period Model.” Mathematical Social Sciences 58(3):
393–97. https://doi.org/10.1016/j.mathsocsci.2009.07.001

Meuwissen, Miranda P. M., R. B. M. Huirne, and J. B. Hardaker. 2001. “Risk and Risk Management: An Empirical Analysis of
Dutch Livestock Farmers.” Livestock production science 69(1): 43–53. https://doi.org/10.1016/S0301-6226(00)00247-5

Möhring, Niklas, Tobias Dalhaus, Geoffroy Enjolras and Robert Finger. 2020. “Crop Insurance and Pesticide Use in
European Agriculture.” Agricultural Systems 184: 102902. https://doi.org/10.1016/j.agsy.2020.102902

Möhring, Niklas, Karin Ingold, Per Kudsk, Fabrice Martin‐Laurent, Urs Niggli, Michael Siegrist, Bruno Studer,
Achim Walter, and Robert Finger. 2020. “Pathways for Advancing Pesticide Policies.” Nature Food 1(9): 535–40.
https://doi.org/10.1038/s43016-020-00141-4

Oerke, E. C. 2006. “Crop Losses to Pests.” The Journal of Agricultural Science 144(1): 31–43. https://doi.org/10.1017/
S0021859605005708

Olson, Lars J., and Santanu Roy. 2005. “On Prevention and Control of an Uncertain Biological Invasion.” Review of
Agricultural Economics 27(3): 491–97. https://doi.org/10.1111/j.1467-9353.2005.00249.x

Parsa, Soroush, Stephen Morse, Alejandro Bonifacio, Timothy C. B. Chancellor, Bruno Condori, Verónica Crespo‐Pérez,
Shaun L. A. Hobbs, et al. 2014. “Obstacles to Integrated Pest Management Adoption in Developing Countries.” Proceedings of
the National Academy of Sciences of the United States of America 111(10): 3889–94. https://doi.org/10.1073/pnas.1312693111

Popp, József, Károly Pető, and János Nagy. 2013. “Pesticide Productivity and Food Security. A Review.” Agronomy for
Sustainable Development 33(1): 243–55. https://doi.org/10.1007/s13593-012-0105-x

Savary, Serge, Laetitia Willocquet, Sarah J. Pethybridge, Paul Esker, Neil McRoberts, and Andy Nelson. 2019. “The Global
Burden of Pathogens and Pests on Major Food Crops.” Nature ecology & evolution 3(3): 430.

Schebesta, Hanna, and Jeroen J. L. Candel. 2020. “Game‐Changing Potential of the EU's Farm to Fork Strategy.” Nature Food
1(10): 586–88. https://doi.org/10.1038/s43016-020-00166-9

Skevas, Theodoros, Spiro E. Stefanou, and Alfons Oude Lansink. 2013. “Do Farmers Internalise Environmental Spillovers of
Pesticides in Production? Journal of Agricultural Economics 64(3): 624–40. https://doi.org/10.1111/1477-9552.12007

Tambo, Justice A., and Mathews Matimelo. 2021. “An Act of Defiance? Measuring Farmer Deviation From Personalised
Extension Recommendations in Zambia.” Journal of Agricultural Economics 73: 396–413.

Tang, Fiona H. M., Manfred Lenzen, Alexander McBratney, and Federico Maggi. 2021. “Risk of Pesticide Pollution at the
Global Scale.” Nature Geoscience 14(4): 206–10. https://doi.org/10.1038/s41561-021-00712-5

112 | PEST PREVENTION, RISK, AND RISK MANAGEMENT

 27692485, 2023, 1, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/jaa2.45 by Schw

eizerische A
kadem

ie D
er, W

iley O
nline L

ibrary on [30/03/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1093/ajae/aat097
https://doi.org/10.1093/ajae/aat097
https://doi.org/10.1002/ps.5397
https://doi.org/10.1002/ps.6110
https://doi.org/10.1002/ps.6110
https://doi.org/10.1016/j.crm.2021.100315
https://doi.org/10.1016/j.crm.2021.100315
https://doi.org/10.1111/agec.12669
http://hdl.handle.net/20.500.11850/292794
http://hdl.handle.net/20.500.11850/292794
https://doi.org/10.1016/j.landusepol.2017.11.010
https://doi.org/10.1007/s13593-014-0237-2
https://doi.org/10.1007/s13593-014-0237-2
https://doi.org/10.1007/s11166-012-9141-9
https://doi.org/10.3390/insects8010018
https://doi.org/10.1007/s00712-007-0279-x
https://doi.org/10.1016/j.mathsocsci.2009.07.001
https://doi.org/10.1016/S0301-6226(00)00247-5
https://doi.org/10.1016/j.agsy.2020.102902
https://doi.org/10.1038/s43016-020-00141-4
https://doi.org/10.1017/S0021859605005708
https://doi.org/10.1017/S0021859605005708
https://doi.org/10.1111/j.1467-9353.2005.00249.x
https://doi.org/10.1073/pnas.1312693111
https://doi.org/10.1007/s13593-012-0105-x
https://doi.org/10.1038/s43016-020-00166-9
https://doi.org/10.1111/1477-9552.12007
https://doi.org/10.1038/s41561-021-00712-5


Tonina, Lorenzo, Folco Giomi, Manuel Sancassani, Matteo Ajelli, Nicola Mori, and Lara Giongo. 2020. “Texture Features
Explain the Susceptibility of Grapevine Cultivars to Drosophila suzukii (Diptera: Drosophilidae) Infestation in Ripening
and Drying Grapes.” Scientific Reports 10(1): 10245. https://doi.org/10.1038/s41598-020-66567-9

Van Timmeren, Steven, and Rufus Isaacs. 2013. “Control of Spotted Wing Drosophila, Drosophila suzukii, By Specific
Insecticides and By Conventional and Organic Crop Protection Programs.” Crop Protection 54: 126–33. https://doi.org/
10.1016/j.cropro.2013.08.003

Waterfield, Gina, and David Zilberman. 2012. “Pest Management in Food Systems: An Economic Perspective.” Annual
Review of Environment and Resources 37: 223–45. https://doi.org/10.1146/annurev-environ-040911-105628

Weber, Elke U., Ann‐Renée Blais, and Nancy E. Betz. 2002. “A Domain‐Specific Risk‐Attitude Scale: Measuring Risk
Perceptions and Risk Behaviors.” Journal of Behavioral Decision Making 15(4): 263–90. https://doi.org/10.1002/bdm.414

Wiman, Nik G., Daniel T. Dalton, Gianfranco Anfora, Antonio Biondi, Joanna C. Chiu, Kent M. Daane, Beverly Gerdeman,
et al. 2016. “Drosophila suzukii Population Response to Environment and Management Strategies.” Journal of Pest
Science 89(3): 653–65. https://doi.org/10.1007/s10340-016-0757-4

Wuepper, David, Nikolaus Roleff, and Robert Finger. 2021. “Does It Matter Who Advises Farmers? Pest Management
Choices With Public and Private Extension.” Food Policy 99: 101995. https://doi.org/10.1016/j.foodpol.2020.101995

SUPPORTING INFORMATION
Additional supporting information can be found online in the Supporting Information section at
the end of this article.

How to cite this article: Wang, Yanbing, and Robert Finger. 2023. “Pest Prevention, Risk,
and Risk Management: The Case of Drosophila suzukii.” Journal of the Agricultural and
Applied Economics Association. 2: 98–113. https://doi.org/10.1002/jaa2.45

WANG AND FINGER | 113

 27692485, 2023, 1, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/jaa2.45 by Schw

eizerische A
kadem

ie D
er, W

iley O
nline L

ibrary on [30/03/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1038/s41598-020-66567-9
https://doi.org/10.1016/j.cropro.2013.08.003
https://doi.org/10.1016/j.cropro.2013.08.003
https://doi.org/10.1146/annurev-environ-040911-105628
https://doi.org/10.1002/bdm.414
https://doi.org/10.1007/s10340-016-0757-4
https://doi.org/10.1016/j.foodpol.2020.101995
https://doi.org/10.1002/jaa2.45

	Pest prevention, risk, and risk management: The case of Drosophila suzukii
	1 INTRODUCTION
	2 THEORETICAL MODEL
	3 CASE STUDY AND DATA
	4 ECONOMETRIC FRAMEWORK
	5 RESULTS
	6 CONCLUSION
	DATA AVAILABILITY STATEMENT
	ORCID
	REFERENCES
	SUPPORTING INFORMATION




